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Abstract
Background
Adolescent travel mode choices to/from school vary in their physical activity (PA) component and environmental sustainability. Research has typically focussed on correlates of active travel, the most healthy and sustainable mode, in comparison to other modes combined. Under the premise that a small shift from less to more healthy/sustainable modes may be a more feasible than a shift to ‘pure’ active travel (e.g., walking), we examined potential correlates of the odds of undertaking more vs. less healthy/sustainable modes.

Methods
Hong Kong adolescents attending secondary school and a parent/caregiver (n = 1299 dyads) participated in this cross-sectional study. Latent profile analyses identified groups of adolescents with different transport mode profiles to/from school. Profiles were ranked based on relative PA/sustainability outcomes. Multilevel logistic regression identified environmental, social and psychological factors associated with more vs. less PA/sustainable transport mode profiles to/from school.

Results
Most frequent transport modes were walking and public transport. Latent profile analysis resulted in a 7-profile model (walk (n = 430); walk & public transport (n = 93); public transport (n = 486); bicycle, car & taxi (n = 60); school bus to & public transport from school (n = 54); school bus (n = 106); car to & car/public transport from school (n = 70)). All profile comparisons were associated with at least one environmental variable. School proximity, access to services and parent transport-related PA were generally associated with higher odds of healthier-more sustainable transport modes. Adolescent-perceived distance and effort barriers to walking and cycling were generally associated with lower odds of more healthy/sustainable modes.

Discussion
Most adolescents engaged in relatively healthy/sustainable travel modes to/from school. Public transport to walking and school bus to public transport mode shifts are likely to have the biggest impact towards more healthy/sustainable modes. Encouraging parent-related transport PA may positively influence adolescent mode choice. Relatively dense, destination-rich neighbourhoods may encourage more healthy/sustainable transport modes to/from school by providing easy access to schools and services.

Conclusion
Government policy encouraging enrolment in the closest local school and private school encouragement of public transport rather than school buses may have the greatest impact on shifts to more healthy/sustainable transport modes to/from school in Hong Kong adolescents.
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Introduction
Choice of adolescents’ travel mode for their school commute may have health and environmental sustainability implications. Active travel to/from school (ATS) and, walking to/from both home and school transit stops can contribute to their meeting physical activity (PA) guidelines [1–3] and replace or reduce sitting time associated with other transport modes [4]. Youth physical and mental health benefits from habitual PA and less sitting time are well-established [2, 5–8]. Although ATS may increase adolescents’ exposure to transport-related air pollution [9] and associated health risks [10], a recent review concluded that health benefits from active travel (AT)-related PA outweighed harmful effects of air pollution exposure [11].
In addition to individual-level benefits, modal shifts from car travel towards public transport and ATS are associated with community-level benefits of reduced urban heat effects and traffic-related air and noise pollution [12, 13]. ATS is optimal for counteracting traffic-related environmental hazards. As well as promoting walking to/from transit stops, public transport results in less congestion and lower greenhouse gas emissions per occupant than other motorised travel [14]. School buses journeys, which typically pick up and drop off students close to their homes and school, incorporate less AT and the environmental disadvantage of pre-pickup and post-drop-off travel without passengers. Car/taxi travel to/from school offers fewest health benefits by discouraging adolescents’ AT, independent mobility and socialising, and increasing greenhouse emissions.
Understanding factors influencing adolescents’ mode choice to/from school may guide interventions promoting sustainable transport modes among this age-group. Several studies have examined correlates of transport modes to and from school. For example, in the USA, Woldeamanuel examined associations between parental views of school route safety and traffic conditions and choice of a specific mode (vs. other modes combined) [15]. Adopting a comprehensive socio-ecological framework, Barnett and colleagues have recently examined environmental, social and psychological correlates of AT in Hong Kong adolescents [16]. However, no studies appear to have investigated environmental, social, and psychological correlates of choices between travel modes to/from school that are proximal to each other based on PA and environmental sustainability dimensions (e.g., ATS vs. public transport; public transport vs. school bus). An understanding of these correlates will help facilitate shifts in mode choice to modes with greater community/individual benefits (e.g., from car to school bus; from public transport to a mix of ATS and public transport). This may be more feasible and successful than promoting a shift to ‘pure’ ATS (walking/cycling only) for all adolescents (e.g., if distance is a barrier).
Promotion of more active and environmentally sustainable mode choices among adolescents is especially important in ultra-dense metropolises, such as Hong Kong. Despite extensive efforts to reduce vehicular emissions [17], Hong Kong was 98th of 273 cites in a mid-2018 pollution index ranking [18] and, in 2016, road transport was the highest contributor to carbon monoxide emissions, second for volatile organic compounds and third for nitrogen oxides [19]. Also, excessive traffic noise affects around 960,000 people in Hong Kong [20]. Hong Kong offers a wide range of potential transport modes to/from school to a large population of secondary-school students (395,345 in the 2013–14 academic year) [21]. These modes include AT, public transport (bus, train, metro, tram and ferry), school bus, taxi and family car. This makes Hong Kong an interesting geographical location for studying potential influences on mode choice to/from school. Under the premise that small shifts in mode choice to a mode with greater community/individual benefits may offer the most attainable initial gains, we determined school travel mode-choice profiles among adolescents and, based on the assumptions of socio-ecological models of behaviour [22], examined environmental, social and psychological correlates of the odds of engaging in ‘healthier’ vs. ‘less healthy’ mode choice profiles for pairs of profiles that were proximal to each other on PA and environmental sustainability dimensions. Importantly, travel mode-choice profiles were determined using a person-centred analytical approach (latent profile analysis) which enables the identification of ‘real-life’ (data-driven) rather than ‘theoretical’ (conceptually-driven; e.g., public transport, car) groups of adolescents who use specific combinations of modes of transport to/from school [23]. An understanding of factors associated with real-life transport-mode typologies has more contextual relevance and practical utility than an analysis of factors associated with ‘theoretical’ transport-mode typologies.

Methods
Data were from the iHealt(H) cross-sectional study and collected during 2013–15 [24]. The study aims included implementing an ecological framework to investigate the potential influence of environmental, social and individual factors on PA and sedentary behaviours in Hong Kong adolescents.
Study design
Recruitment/study design, sample size calculations, and environmental, social and psychological variables used in this article are published elsewhere [16]. Briefly, to maximise variability in potential social and environmental correlates of outcome measures, we adopted a two-stage stratified sampling procedure. Adolescents and one of their parents/primary caregivers were recruited from the smallest census units in Hong Kong with publicly available data (Tertiary Planning Units; TPUs: n = 289), stratified by income (high/low) using census-based medium household income data, and by walkability (high/low) using a transport-related walkability index comprising the sum of z-scores of residential density, street intersection density and land use mix computed from data sourced from the Planning and Lands Departments (Hong Kong SAR) [25]. From the 128 selected TPUs, we contacted 30 secondary schools, 20 of which agreed to participate (school response rate 67%). Participant adolescent – parent/primary caregiver dyad eligibility requirements were having lived in a selected TPU for at least the last 6 months and planning to reside there for at least the following 8 months, and for the adolescent to be aged 11–18 years, attending secondary school, and not having disability/illness precluding participation in moderate-intensity PA. Students in randomly selected classes from each school were initially screened for eligibility on the above-mentioned eligibility criteria. In total, 2840 dyads were contacted (students were contacted in person by research and school staff; parents/caregivers were contacted in writing by school staff via students). Overall, 30% (n = 838) were ineligible due to residing outside the selected TPUs, having moved to their residence within the last 6 months, planning to move to another residence in the next 8 months, or the student having a disability/illness precluding participation in moderate-intensity PA. Of the remaining 2002 dyads, 1363 provided consent/assent and participated (68% effective response rate) while 21% students and 11% parent/primary caregivers declined to participate. Within a week of receiving surveys, research staff screened all survey items for invalid and missing data and contacted participants to rectify mistakes or complete missing information. Overall, 64 dyads provided invalid surveys that could not be corrected. Analysis was undertaken on valid surveys obtained from 1299 dyads without missing data. Sample socio-demographic characteristics are reported in Table 1. Participants’ neighbourhoods were defined in parent/caregiver surveys as the area within a 10–15 min’ walking distance from home [26].

Outcome variables
Adolescent-reported data on frequency (0 to 5 days) of engagement in various transport modes (walking, cycling, public transport, school bus, taxi and family car), both to and from school, in a typical week were collected. Items’ test-retest reliability were excellent [27].

Exposure variables
All exposure variables were adolescent- or parent-reported via self-administered questionnaires. As increasing the AT component of travel to-and-from school was expected to be associated with better health [6] and levels of sustainability [14], iHealt(H) exposure variables likely to influence PA and adolescent-perceived barriers to walking and cycling to school were examined as potential correlates. Descriptive statistics of potential correlates, i.e., environmental, social and psychological factors and adolescent-perceived barriers to walking and cycling to school, are presented in Additional file 1: Table S1 and Additional file 2: Table S2.Table 1Descriptive statistics of socio-demographic characteristics and other covariates (N = 1299)


	Variables [theoretical range]
	 	 
	Sociodemographic characteristics and other covariates
	
                              %
                            
	 
	Adolescent’s sex (female)
	57.04
	 
	 	
                              Mean (SD)
                            
	
                              Median (IQR)
                            

	Adolescent’s age (years)P
	14.70 (1.57)
	 
	Parental self-selection of the neighbourhood P [1–5]a
	3.38 (0.74)
	 
	Social desirabilityA [0–9]
	4.65 (2.15)
	 
	Length of residence at current addressP (years)
	9.68 (6.62)
	10 (10.00)

	Number of children in the householdP
	1.66 (0.75)
	 
	Number of motorised vehicles in the householdP
	
                              %
                            
	
                              n
                            

	 0
	69
	898

	 1
	23
	298

	 2 or more
	8
	103

	Monthly household income (HKD)P
	 	 
	  < 15,000
	29
	380

	 15,000 – 29,999
	30
	390

	 30,000 – 59,999
	19
	248

	  ≥ 60,000
	22
	281

	Attend private schoolP
	4.4
	57

	Neighbourhood stratification
	
                              n
                            
	 
	 high walkable/high income
	321
	 
	 high walkable/low income
	345
	 
	 low walkable/low income
	341
	 
	 low walkable/low income
	356
	 

Notes: SD standard deviation, IQR interquartile range, HKD Hong Kong dollars; A adolescent survey, P parent/caregiver survey; a measure of neighbourhood self-selection combining 7 items potentially related to physical activity rated on a 5-point scale from “not at all important” to “very important”



Environmental factors
Environmental data were parent-reported using the Chinese version of the Neighbourhood Environment Walkability Scale for Youth [26, 28]. A 5-point scale was used to assess time to walk from home to school and the closest destination for each of following categories: commercial facilities (11 types), transit stop (1 type), and recreation facilities (15 types). Responses were reverse-coded to reflect proximity to destinations. We assessed neighbourhood residential density by asking how common each of 6 types of residences, ranging from detached single residences to ≥20-storey apartment blocks, were in the neighbourhood using a 6-point scale from “none” to “all”. Neighbourhood street connectivity (assessed using 3 items), pedestrian infrastructure (3 items), aesthetics (3 items), access to services (3 items), traffic safety (6 items), safety from crime (8 items) and barriers to walking (2 items) were rated using a 4-point Likert scale. Participants’ scores on the various scales represented the average or sum of ratings on the respective items and, hence, were treated as continuous variables. In addition, school type (private) was assessed as ‘yes’/‘no’.

Social factors
Adolescent-perceived social support for PA from peers (two items) and from household adults (3 items) were assessed on a 5-point scale from “never” to “very often” [27, 28]. Number of days in a typical week and time in a typical day spent travelling on foot or by bicycle, assessed using the Chinese version of the International Physical Activity Questionnaire – Long [29], were used to estimate parental transport-related PA (representing parental support for AT via behaviour modelling). Parents also responded to “Do you have the following rule for your child, whether you tell them often or not?” with “yes” or “no” for 18 parent rules related to adolescent activity, independent mobility and behaviour towards others [27]. The score comprised the total number of “yes” answers and represented a measure of parental control.

Psychological factors
We examined associations with three potential psychological constructs: self-efficacy for PA, attitude to PA and enjoyment of PA [30, 31]. Six items with a 5-point scale ranging from “I’m sure I can’t” to “I’m sure I can” were used to assess self-efficacy for PA. Regarding attitude to PA, adolescents responded to five positive and five negative statements on a 4-point Likert scale ranging from “strongly disagree” to “strongly agree”. For enjoyment of PA, adolescents responded to the item “I enjoy physical activity” on a 5-point Likert scale ranging from “strongly disagree” to “strongly agree”.

Adolescent-perceived barriers to walking and cycling to school
These barriers were assessed by 19 items with a 4-point Likert scale from ‘strongly disagree’ to ‘strongly agree’. Seventeen items were from the ‘Active Where’ study [32] and two (‘being tired’ and ‘having a tight schedule (no time)’) added by an expert panel. Items were grouped into six conceptually-linked categories supported by factor analysis: safety barriers (6 items), social barriers (2 items), environment barriers (2 items), lack of enjoyment/motivation (3 items), too much effort (5 items) and distance (1 item). Descriptive statistics are presented in Additional file 2: Table S2.

Covariates
Socio-demographics and other potential confounders included in analysis were: adolescent’s sex and age, highest education level in household, neighbourhood socio-economic status (SES), number of children under 18 and motor vehicles in household, length of residence at current address, adolescent-reported social desirability, parents self-selecting a neighbourhood likely to encourage adolescent PA and a two-category school classification (public or aided (referred to as public) and private or international (referred to as private)). Level of education in the household was dichotomised as ‘post-high school’ or ‘high school or below’. The 9-Item Lie Scale in the Children’s Manifest Anxiety Scale [33] was used to assess social desirability since it may be associated with inflated self-reports of ATS [16, 34]. Parents completed an 18-item survey on reasons for living in the neighbourhood, with each item rated on a 5-point scale from ‘not at all important’ to ‘very important’. Seven items indicating parents’ self-selection of a neighbourhood likely encouraging adolescent PA were combined as a neighbourhood self-selection scale [20]. This variable was used as a covariate to account for neighbourhood self-selection as a potential source of reverse causality given that parents determine the neighbourhood in which their children live and influence their transport-mode choices [16].


Data analytic plan
Descriptive statistics (e.g., means, standard deviations and frequencies) were computed for all variables, as appropriate. Latent profile analyses (LPA) [35] were conducted to determine adolescents’ travel mode profiles to/from school based on six different transport modes. Latent profile analysis is a probabilistic model-based clustering (of participants) approach which assumes that data arise from a mixture distribution with k components (i.e., k clusters or profiles), where k is not known a priori. In this case, LPA seeks to identify groups of adolescents with different profiles of transportation modes (e.g., public transport to school, walking and public transport from school). The general practice of LPA is to test the fit of a two profile model and systematically increase the number of profiles until adding more profiles is no longer warranted. LPA is a technique which offers many advantages over traditional variable-centred methods, including identification of typologies of behaviours (transportation mode choices to and from destinations) as they occur in real life [23].
The optimal number of profiles was evaluated using several selection criteria, such as, the Bayesian Information Criterion (BIC) [36], the Akaike Information Criterion (AIC) [37] and the sample-size adjusted BIC (SABIC) (smaller values of each indicate the preferred solution). We also examined the entropy measure of classification uncertainty. Entropy values are bounded between 0 and 1. A value approaching 1 is an indication of a high degree of separation between the identified profiles, and values > 0.70 indicate acceptable classification accuracy [38]. Also, in deciding the optimal number of profiles we considered the meaningfulness (theoretical plausibility) of the profiles, the number of participants falling within each profile category (the smallest profile category should include more than 4–5% of the sample) [39], and the pattern of the log likelihood values for models with increasing number of profiles (a flattening out of the values when moving from models with k to k + 1 profiles would provide support for a k-profile model) [36]. We explored different models with varying numbers of profiles ranging from two to eight, and combination of indices and criteria were used to determine the model with the optimal number of profiles. Via consultation between three of the authors using detail summarised in the introduction with regard to aspects of physical activity and environmental sustainability associated with the mode choices, these profiles were then classified into more active/healthier, more sustainable (e.g., walking or a mix of walking and public transport) to less active/healthy and sustainable (e.g., school bus or car to and car/PT from school) profiles of transport modes to/from school. This classification was based on each of the three authors categorising each transport-mode profile on 5-point ‘activity’ and ‘environmental sustainability’ single-item scales ranging from 1 (low) to 5 (high) and then discussing the scores until consensus was reached.
To identify correlates of healthier vs. less healthy profiles of transport modes to/from school, we performed two sets of hierarchical regression analyses. The first set examined environmental, social and psychological correlates of pairs of transport modes to/from school profiles, while the second focused on perceived barriers to engagement in ATS as correlates of these. Given that profile membership is dichotomous (member vs. not a member) and the data had a two-level hierarchical structure arising from the adopted sampling strategy (recruitment of participants from selected neighbourhoods and schools), multilevel logistic regression models were used. Models were adjusted for a priori selected socio-demographic variables and other potential confounders (described under ‘Covariates’). As proximal factors (e.g., social and psychological factors) may mediate the effects of more distal factors (e.g., environmental) and, thus, entering all factors simultaneously in regression models may mask the effects of the latter on transport modes to/from school profile membership [16], a hierarchical modelling approach was used whereby environmental factors were first entered in the (first set of) models, followed by social and then psychological factors. After adding each category of factors (environmental, social, psychological or perceived barriers to ATS) to the regression models, single-variable backward stepwise deletion (for the added category of factors) was applied to trim and simplify the models. In this case, backward stepwise deletion was an appropriate modelling approach because the variance inflation factor (VIF) values of the selected environmental, social and psychological variables did not show signs of potential multicollinearity (all VIF values< 3) [40] and none of these variables were categorical. Only variables significant at a probability level of 0.05 were retained. Following the recommendations of statistical theorists, no adjustments for multiple testing were performed because the analyses of correlates of transportation-mode choice were mostly confirmatory (i.e., the selected variables were hypothesised to be related to more active transport-mode profiles) and further confirmation of findings by other studies is deemed necessary before firm conclusions can be reached [41, 42]. The results of regression models are presented as odd ratios (ORs) with 95% confidence intervals (CIs). All analyses were conducted using R version 3.5.1 [43]. The package tidyLPA was used to perform latent profile analyses [44].


Results
The transport modes to/from school with the highest frequency were walking and public transport (Table 2). Adolescents walking to/from school (57.9%) averaged 7.9 walking trips/week and walking was the only mode to/from school for 36.2%. Adolescents using public transport (67.3%) averaged 7.1 public transport trips/week and 31.7% travelled to/from school only by public transport. Cycling (3.2% of adolescents at least once/week), was the least frequently used type of transport preceded by taxi (8.1%), car (13.2%) and school bus (14.1%).Table 2Weekly frequency of usage of specific transport modes to/from school


	 	Weekly frequency of usage
	 
	Transport mode
	None [0 days]
	Occasional [1–4 days]
	Regular [5 days]
	Average frequency per week

	 	n (%)
	n (%)
	n (%)
	M (SD)

	Walk to School
	676 (52.0)
	108 (8.3)
	515 (39.6)
	2.16 (2.39)

	Walk from School
	596 (45.9)
	192 (14.8)
	511 (39.3)
	2.29 (2.35)

	Cycle to School
	1263 (97.2)
	24 (1.8)
	12 (0.9)
	0.09 (0.57)

	Cycle from School
	1266 (97.5)
	20 (1.5)
	13 (1.0)
	0.08 (0.57)

	PT to School
	609 (46.9)
	191 (14.7)
	499 (38.4)
	2.25 (2.34)

	PT from School
	477 (36.7)
	311 (23.9)
	511 (39.3)
	2.51 (2.26)

	Taxi to School
	1221 (94.0)
	64 (4.9)
	14 (1.1)
	0.12 (0.69)

	Taxi from School
	1245 (95.8)
	52 (4.0)
	2 (0.2)
	0.07 (0.38)

	School Bus to School
	1124 (86.5)
	25 (1.9)
	150 (11.5)
	0.63 (1.63)

	School Bus from School
	1155 (88.9)
	60 (4.6)
	84 (6.5)
	0.45 (1.34)

	Car to School
	1140 (87.8)
	82 (6.3)
	77 (5.9)
	0.42 (1.63)

	Car from School
	1205 (92.8)
	77 (5.9)
	17 (1.3)
	0.16 (0.71)


Notes: PT Public transport, n (%) number (%) of adolescents using a specific mode of transport to/from school at a given frequency per week, M (SD) mean (standard deviation) weekly frequency of usage of a specific mode of transport to/from school in the whole sample (N = 1299)



Latent profiles
For all models with two to eight profiles, entropy values were close to 1 and well above 0.7, considered the cut point for acceptable classification accuracy (Additional file 3: Table S3). This indicated a high degree of profile separation within models. The fit index and criteria used for the selection of the model with optimal number of profiles indicates that model with varying mean, equal variance and covariance with eight profiles was associated with the lowest BIC, AIC, SABIC and log-likelihood values (Additional file 3: Table S3). However, the entropy value associated with eight profiles (0.995) was slightly lower than the 7-profile model (0.998). Also, a substantially smaller increase in log likelihood values, as compared to adjacent models with a smaller number of profiles, was observed when moving from a 7-profile to an 8-profile model (flattening out of pattern of log likelihood values). Examination of profile distribution revealed that seven of the profiles in the 8-profile solution closely resembled those in the 7-profile solution and the remaining eighth profile consisted of a small group of adolescents (n = 40; only 3% of the sample) from the other profiles. As a result, we deemed the 7-profile model (Fig. 1) to be more optimal than the 8-profile model (Additional file 4: Fig. S1).[image: A12966_2019_807_Fig1_HTML.png]
Fig. 1Mode of transport latent profiles




The seven profiles were described in terms of their standardised mean frequency (expressed as z-scores) and 95% CIs of engagement in the six examined travel modes to/from school (Fig. 1). For example, the standardised mean frequency of 1.20 for walking to school in profile 1 (‘walk’) indicated that adolescents belonging to that profile on average walked to school 1.20 standard deviations more frequently than the average adolescent (in the total sample). We categorised each profile as low, medium or high on the PA and environmental sustainability dimensions and ranked them from the ‘healthiest’ (profile 1, ‘walk’) to the ‘least healthy’ (profile 7, ‘car to & car/public transport from school’) profile (Fig. 1). The number of students in profiles ranged from 54 for profile 5 (school bus to & public transport from school) to 486 for profile 3 (public transport) (Fig. 1). As the derived latent profiles were characterised by one or more travel modes, for ease of comparison, profiles are presented below by their mode description and number in Fig. 1, e.g., walk (P1). Most adolescents used one transport mode to and from school. The most prevalent single-mode profiles were walking (P1 in Fig. 1) and public transport (P3) followed by the much less prevalent profile of school bus (P6). Fewer adolescents reported using multiple transport modes to/from school. The multi-mode profiles included combinations of walking and public transport (P2); bicycle, taxi or car (P4); school bus to, and public transport from (P5); and car to & car/public transport from (P7).

Environmental, social and psychological correlates of school-related transport mode choices
We identified correlates of heathier vs. less healthy profiles of transport modes to/from school as well as of regular vs. occasional walking to/from school among those in the profile of walkers (P1) (Table 3). Given that over 85% of adolescents in the profile of walkers reported that they walked to/from school every day of the week (5 days/week), in the context of this study, regular walking to school was defined as walking to/from school 5 days/week, while walking to/from school on 1 to 4 days per week was categorised as ‘occasional’ walking. Proximity of school to home was associated with six of the ten transport modes to/from school profile comparisons. As expected, the closer school was to home, the higher the odds of adolescents walking to/from school 5 days/week than less frequently, and of walking (P1) than combined walking with public transport (P2) or using only public transport (P3). The odds were also higher for taking public transport (P3) rather than a school bus (P6). However, the odds were lower for combined walking with public transport (P2) compared to public transport (P3) alone, or taking a school bus (P6) rather than car to school and either car or public transport from school (P7). Closer public transit stops to home were associated lower the odds of walking (P1) or a mix of walking and public transport (P2) compared to public transport alone (P3). The closer the proximity of PA recreational facilities to home, the higher the odds of undertaking a combination of walking and public transport (P2) rather than either walking only (P1) or public transport only (P3).Table 3Associations of environmental, social and psychological factors with mode of transportation choice to/from school in Hong Kong adolescents (multi-factor models)


	 	Model 1
	Model 2
	Model 3

	Factors
	OR (95% CI; p-value)
	OR (95% CI; p-value)
	OR (95% CI; p-value)

	Regular walkers (5 days / week) VS occasional walkers (<  5 days /week) (reference category) in Walk (P1) profile (n = 430)

	 Environmental

	  Proximity of school to home
	2.33 (1.74–3.18; < 0.001)
	2.32 (1.73–3.18; < 0.001)
	 
	  Proximity of PA recreational facilities to home
	0.62 (0.39–0.97; 0.038)
	0.64 (0.40–1.00; 0.053)
	 
	  Access to services
	1.63 (1.02–2.61; 0.039)
	1.70 (1.06–2.73; 0.028)
	 
	 Social
	 	 	 
	  Social support for PA from household adults
	 	0.68 (0.48–0.97; 0.035)
	 
	Walk (P1) vs Walk & PT (P2) (reference category) (N = 523)

	 Environmental
	 	 	 
	  Proximity of school to home
	5.67 (4.00–8.36; < 0.001)
	 	 
	  Proximity of PA recreational facilities to home
	0.45 (0.28–0.72; 0.001)
	 	 
	Walk (P1) vs PT (P3) (reference category) (N = 916)

	 Environmental

	  Proximity of school to home
	2.82 (2.44–3.28; < 0.001)
	2.78 (2.40–3.24; < 0.001)
	 
	  Proximity of closest transit stop to home
	0.72 (0.61–0.84; < 0.001)
	0.71 (0.61–0.84; < 0.001)
	 
	  Barriers to walking in the neighbourhood
	0.75 (0.59–0.95; 0.017)
	0.76 (0.60–0.96; 0.022)
	 
	 Social

	  Social support for PA from peers
	 	1.23 (1.03–1.46; 0.020)
	 
	  Social support for PA from household adults
	 	0.81 (0.65–0.99; 0.043)
	 
	Walk & PT (P2) vs PT (P3) (reference category) (N = 579)

	 Environmental

	  Proximity of school to home
	0.58 (0.42–0.77; < 0.001)
	0.57 (0.41–0.76; < 0.001)
	 
	  Proximity of closest transit stop to home
	0.77 (0.61–0.99; 0.039)
	0.78 (0.61–1.00; 0.052)
	 
	  Proximity of PA recreational facilities to home
	1.71 (1.16–2.55; 0.007)
	1.66 (1.12–2.47; 0.012)
	 
	 Social

	  Parental transport-related PA
	 	1.05 (1.00–1.10; 0.038)
	 
	PT (P3) vs Bicycle, car or taxi (P4) (reference category) (N = 546)

	 Environmental
	 	 	 
	  Access to services
	2.30 (1.48–3.61; < 0.001)
	2.37 (1.52–3.73; < 0.001)
	2.38 (1.52–3.79; < 0.001)

	  School type (private vs public (reference))
	0.03 (0.01–0.11;< 0.001)
	0.02 (0.00–0.09;< 0.001)
	0.01 (0.00–0.06;< 0.001)

	 Social

	  Parental transport-related PA
	 	0.92 (0.88–0.97; < 0.001)
	0.92 (0.88–0.97; 0.002)

	 Psychological
	 	 	 
	  Enjoyment of PA
	 	 	2.71 (1.23–6.07; 0.014)

	PT (P3) vs School bus to school & PT from school (P5) (reference category) (N = 540)

	 Environmental
	 	 	 
	  Safety from crime
	0.56 (0.31–0.99; 0.047)
	 	 
	  School type (private vs public (reference))
	0.14 (0.03–0.57; 0.008)
	 	 
	PT (P3) vs School bus (P6) (reference category) (N = 592)

	 Environmental

	  Proximity of school to home
	1.43 (1.11–1.90; 0.009)
	1.45 (1.11–1.94; 0.008)
	1.47 (1.12–1.98; 0.007)

	  Residential density
	1.002 (1.00–1.003; 0.003)
	1.002 (1.00–1.003; 0.002)
	1.002 (1.00–1.003; 0.001)

	  Safety from crime
	0.53 (0.34–0.84; 0.007)
	0.56 (0.35–0.89; 0.015)
	0.52 (0.32–0.83; 0.007)

	  Aesthetics
	0.63 (0.41–0.97; 0.037)
	0.66 (0.42–1.02; 0.066)
	0.60 (0.38–0.95; 0.030)

	  Access to services
	1.56 (1.06–2.31; 0.025)
	1.61 (1.08–2.39; 0.018)
	1.55 (1.03–2.31; 0.033)

	  School type (private vs public (reference))
	0.06 (0.01–0.18; < 0.001)
	0.06 (0.01–0.18; < 0.001)
	0.05 (0.01–0.15; < 0.001)

	 Social

	  Social support for PA from peers
	 	0.66 (0.50–0.88; 0.004)
	0.62 (0.46–0.82; 0.001)

	 Psychological

	  Attitude towards PA
	 	 	2.47 (1.27–4.88; 0.008)

	Bicycle, car or taxi (P4) vs School bus (P6) (reference category) (N = 166)

	 Environmental

	  Aesthetics
	0.44 (0.24–0.79; 0.007)
	0.41 (0.22–0.74; 0.005)
	 
	 Social

	  Parental transport-related PA
	 	1.08 (1.02–1.17; 0.024)
	 
	Bicycle, car or taxi (P4) vs PT + School bus to school & PT from school + School bus + Car to & car/PT from school (P3, 5, 6, 7) (reference category) (N = 776)

	 Environmental

	  Access to services
	0.56 (0.39–0.82; 0.003)
	0.56 (0.38–0.81; 0.002)
	0.56 (0.38–0.82; 0.003)

	  School type (private vs public (reference))
	4.29 (1.79–10.12;< 0.001)
	4.68 (1.95–11.14; < 0.001)
	5.10 (2.08–12.42; < 0.001)

	 Social

	  Parental transport-related PA
	 	1.08 (1.03–1.12; 0.002)
	1.07 (1.02–1.12; 0.003)

	 Psychological
	 	 	 
	  Enjoyment of PA
	 	 	0.75 (0.58–0.96; 0.023)

	School bus (P6) vs Car to & car/PT from school (P7) (reference category) (N = 176)

	 Environmental

	  Proximity of school to home
	0.67 (0.46–0.97; 0.035)
	0.68 (0.46–0.99; 0.049)
	 
	  Safety from crime
	2.92 (1.44–6.27; 0.004)
	2.86 (1.38–6.27; 0.006)
	 
	  School type (private vs public (reference))
	2.97 (1.07–8.87; 0.042)
	3.29 (1.16–10.12; 0.030)
	 
	 Social

	  Social support for PA from peers
	 	1.62 (1.06–2.55; 0.031)
	 

Notes: OR odds ratio, CI confidence interval; P1…7 refers to profile number presented in Fig. 1; all models are adjusted for socio-demographic characteristics, other confounders



Higher levels of residential density were associated with higher odds of engaging in public transport (P3) than taking a school bus (P6). The better the access to services, the higher the odds of using public transport (P3) rather than using bicycle, car, taxi (P4) or school bus only (P6). In contrast, poorer access to services was associated with higher odds of school-related transport based on bicycle, car or taxi (P4) compared to motorised transport (P3, 5, 6 and 7).
The higher the level of safety from crime, the lower the odds of traveling by public transport (P3), school bus to school & public transport from school (P5) or car to & car/public transport from school (P7), rather than school bus (P6). Barriers to walking in the neighbourhood were associated with lower odds of walking (P1) rather than using public transport (P3). Travelling by school bus (P6) rather than public transport (P3), or bicycle, car, taxi (P4) was associated with higher levels of perceived neighbourhood aesthetics.
The odds of private school students travelling by public transport (P3) were lower than by bicycle, car, taxi (P4), school bus to school & public transport from school (P5) or school bus (P6). However, they were higher for travel by bicycle, car or taxi profile (P4) than the combination other profiles associated with motorised transport (P3, 5, 6 and 7) and by school bus (P6) than car to & car/public transport from school (P7).
The odds of walking (P1), rather than taking public transport (P3) and for travelling by school bus (P6), rather than car to & car/public transport from school (P7), where higher with higher social support from peers. However, this support was associated with lower odds of travel by public transport (P3) rather than school bus (P6). In contrast to social support from peers, social support for PA from parents was negatively associated with the odds of walking rather than taking public transport. Parental transport-related PA was associated with higher odds of walking & public transport (P2) instead of public transport alone (P3) and for bicycle, car, taxi (P4) rather than public transport (P3), a school bus (P6) or motorised travel (P3, 5, 6 and 7).
A more positive attitude towards PA was associated with higher odds of taking public transport (P3) rather than a school bus (P6). Whereas, enjoyment of PA was associated with lower odds of engaging in bicycle, car or taxi travel (P4) than travelling by public transport (P3) or other modes of motorised travel (P3, 5, 6 and 7).

Adolescent-perceived barriers to cycling and walking to school as correlates of school-related transport mode choice
As the perceived barriers were specific to AT, only profile comparisons where at least one profile included an AT mode were assessed (Table 4). Distance from home to school was the perceived barrier to ATS most frequently associated with transport modes to/from school profile comparisons (six of the seven) and was the strongest correlate of all examined barriers. The odds of being in a healthier transport modes to/from school profile were negatively associated with the perceived barrier of distance to school in five instances and positively in one. The odds of walking (P1) rather than walking and taking public transport (P2) or just using public transport (P3) were lower in adolescents reporting longer travel distances as a barrier to ATS. The same was also found for bicycle, car or taxi (P4) vs. school bus (P6) and vs. motorised transport (P3, 5, 6 and 7). In contrast, the odds of using public transport (P3), rather than bicycle, car or taxi (P4) was associated with increasing distance from home to school.Table 4Associations of Hong Kong adolescent perceived barriers to walking & cycling to school with mode of transportation choice to/from school


	Perceived barriers
	OR (95% CI)
	p-value

	Regular walkers (5 days / week) vs occasional walkers (<  5 days /week) (reference category) in Walk profile (P1) (N = 430)

	 Too much effort
	0.31 (0.20–0.47)
	< 0.001

	 Social
	1.92 (1.20–3.12)
	0.007

	 Distance
	0.39 (0.29–0.53)
	< 0.001

	Walk (P1) vs Walk & PT (P2) (reference category) (N = 523)

	 Too much effort
	0.48 (0.29–0.79)
	0.004

	 Social
	1.92 (1.20–3.12)
	0.007

	 Distance
	0.39 (0.29–0.53)
	< 0.001

	Walk (P1) vs PT (P3) (reference category) (N = 916)

	 Too much effort
	0.38 (0.28–0.50)
	< 0.001

	 Social
	1.38 (1.03–1.84)
	0.030

	 Distance
	0.40 (0.33–0.48)
	< 0.001

	Walk & PT (P2) vs PT (P3) (reference category) (N = 579)

	 Lack of enjoyment/motivation
	0.51 (0.36–0.72)
	< 0.001

	PT (P3) vs Bicycle, Car or Taxi (P4) (reference category) (N = 546)

	 Too much effort
	1.69 (1.02–2.81)
	0.043

	 Social
	0.57 (0.36–0.90)
	0.015

	 Distance
	1.51 (1.12–2.05)
	0.007

	Bicycle, Car or Taxi (P4) vs School bus (P6) (reference category) (N = 166)

	 Distance
	0.44 (0.30–0.62)
	< 0.001

	Bicycle, Car or Taxi (P6) vs PT + School bus to school & PT from school + School bus + Car to & car/PT from school (P3, 5, 6, 7) (reference category) (N = 776)

	 Distance
	0.62 (0.48–0.78)
	< 0.001


Notes: Only profile comparisons where at least one profile includes an AT mode were assessed; only significant associations are presented; OR odds ratio, PT public transport; (P1) etc. refers to the profile number in Fig. 1



The perceived barrier of ‘too much effort’ was a significant correlate in four of the seven transport modes to/from school profile comparisons (regular vs. occasional walking in walkers (P1); walk (P1) vs. walk & public transport (P2); walk (P1) vs. public transport (P3); public transport (P3) vs. bicycle, car or taxi (P4)). It showed a negative association with the more active / sustainable modes, similar to the perceived barrier of distance from home to school. Social barriers to ATS were positively associated with the odds of walking (P1) vs. walk & public transport (P2), and walking (P1) vs. public transport (P3), and negatively associated with public transport (P3) vs. bicycle, car or taxi (P4). Lack of enjoyment was associated with greater odds of taking public transport (P3) rather than a combination of walk & public transport (P2). Perceived safety-related and environmental barriers to engaging in ATS were not associated with any of the transport modes to/from school profile comparisons.


Discussion
The most common transport modes to/from school were walking and public transport, our first and second ranked profiles regarding PA and sustainability outcomes. Considerably lower numbers travelled by school bus, car, taxi or cycling. Our findings suggest that most Hong Kong adolescents engage in relatively healthy and sustainable travel modes to/from school. High rates and frequency of walking (mean 7.9 trips/week) to/from school among our sample are corroborated by Hong Kong’s ranking as the most walkable city in Asia [45] and high rates of walking in other age-groups [46]. In contrast, very high density, associated traffic loads, lack of cycling infrastructure due to limited road space in most urban areas, hilliness and climate are all barriers contributing to low participation in cycling. Also, based on road safety considerations, the Hong Kong Government does not encourage the use bicycles as a transport mode in urban areas [47]. However, in the less dense New Territories area, where cycling is more common and feasible, cycling infrastructure, such as dedicated cycling tracks, is being developed. High patronage of public transport is likely due to its accessibility and relatively low fares. Over 12 million public transport passenger trips are made daily in Hong Kong, representing 90% of all passenger trips, the highest percentage globally [48]. In contrast, private vehicle use is low, with only 15.1% of Hong Kong households having access to private cars [46]. In comparison, only 8.7% of households in Melbourne, Australia report not having at least one vehicle [49]. Also, Hong Kong is considered to be one of the safest cities in the world and many adolescents travel by public transport without accompanying adults.
Walking and public transport profiles
Based on previous literature comparing participation in ATS with non-ATS [50], including in this cohort [16], the strong positive associations of proximity of school to home with greater odds of walking to/from school daily rather than less frequently, and walking rather than using public transport or combining walking and public transport were expected. These findings were also supported by similarly strong associations with adolescents’ perception of distance to school as a barrier to walking and cycling. The above associations suggest encouraging attendance at a school close to home may have positive PA and sustainability outcomes for Hong Kong adolescents as it has in for adolescents in other geographical locations [51]. Finnish and Swedish children generally reside close to school and have high levels of ATS [52–54]. Swiss children are typically assigned to the closest public school and 71% of 6–14 year-old children engaged in ATS in 2005 [55]. Whilst there is less restriction on where students attend school in Hong Kong, promoting public awareness of the advantages of walking to school may encourage parental selection of local schools and could be included in government recommendations regarding secondary school choice [56].
In contrast, proximity of school to home was negatively associated with the odds of choosing walking plus public transport rather than public transport alone. This may be influenced by adolescents residing in less populated areas farther from school needing to walk some distance to transit stops. This premise was supported by the odds of using public transport, rather than public transport combined with walking, being higher for those living close to a transit stop (Model 1, Table 3). Proximity to PA recreational facilities was associated with lower odds of walking regularly rather than occasionally; walking rather than combining walking with public transport; and combining walking with public transport, rather than public transport alone, possibly due to these facilities being located in less populated areas.
The association of good access to services in the neighbourhood with higher odds of being a regular rather than an occasional walker to/from school may have been due adolescents being more able to visit various services by walking rather than other modes. Having services and facilities in the neighbourhood may provide encouragement for ATS and a mixed land-use policy co-locating retail and service along routes between homes and schools could promote walking and community engagement. The negative association between barriers to walking from place to place (e.g., railways and major roads) and the odds of walking rather than taking public transport was expected. While Hong Kong has numerous elevated and underground walkways which remove many barriers to walking, these are not ubiquitous, and more could be located on potential walking routes to school.
The findings that adults’ social support for PA was negatively associated with the odds of being a regular rather than an occasional walker, and walking rather than taking public transport could be related to parents supporting participation in regular out-of-school organised PA that may encourage use of more time-efficient transport modes to/from school. In contrast, peers who support an adolescent’s PA may tend to walk with that adolescent to/from school and, therefore, positively influence that behaviour. Parental modelling of transport-related PA may encourage adolescents to combine walking with public transport rather than just use public transport [57]. A parent who combines walking with public transport may combine their commute with the school journey thus walking with their adolescent on some days or regularly.

Public transport compared to less sustainable travel mode profiles
Four of the examined factors were significantly associated with the likelihood of travelling to/from school by public transport rather than bicycle/car/taxi. Here, we wish to note that, although a combination of bicycle, car and taxi as modes of transport to/from school seems unusual, it is a plausible profile among Hong Kong adolescents for two main reasons. First, taxis in Hong Kong are accessible and more affordable than in Western countries. Second these three different modes of transport could be used on different days of the week, depending on weather conditions and parents’ availability. We found a strong association of access to services with the odds of adolescents using public transport to travel to/from school rather than bicycle/car/taxi. This is understandable given that cycling in Hong Kong is limited to low density areas, while public transport is more accessible in more dense areas [58]. As car ownership and taxi fares are more expensive than other modes of transport, it is not surprising that the odds of traveling to/from school by bicycle/car/taxi than public transport are higher for those attending private rather than public schools. The observed negative association of parental transport-related PA with the odds of taking public transport rather than bicycle/car/taxi may be due to parents who use AT being more likely to promote cycling than public transport. This is also supported by a positive association of parental transport-related PA with the odds of bicycle/car/taxi rather than taking a school bus, a form of passive travel. The positive association of enjoyment of PA with the likelihood of travelling by public transport rather than bicycle/car/taxi may reflect greater participation in (non-school) organised sports in the public transport group due to greater accessibility to such activities in denser rather than less dense areas where cycling is possible.
The other two public transport profile comparisons were with school bus to school/public transport from school and school bus only. Those attending private rather than public schools were more likely to travel by school bus or school bus combined with public transport from school rather than only public transport. As school buses are provided by Hong Kong private schools (for a fee), this was expected. We found that adolescents who used school buses rather than, or in conjunction with, public transport were most likely to live in lower density, high-SES areas (better perceived aesthetics and safety from crime), compared with adolescents residing in high-density areas with better access to services. Encouragement for private schools to support adolescent use of public transport for health/sustainability benefits may be worthwhile. The fact that higher levels of social support for PA from peers were associated with lower odds of travelling by public transport rather than school bus may be explained by school bus travel providing more peer contact time with opportunities to create positive bonds [59]. Finally, a more positive attitude towards PA was associated with higher odds of using public transport rather than a school bus. This may be due to public transport providing greater flexibility in terms of scheduling. Adolescents may engage in extra-curricular PA activities (at school) in the afternoon/evening, after which school buses may not be available, or at other locations not served by school buses routes.

Comparisons between least desirable transport mode profiles
For mode choice comparisons between bicycle/car/taxi and school bus, aesthetics was positively associated with the odds of travelling by school bus. This strengthens the earlier assumption (where aesthetics were positively associated with the odds of school bus travel rather than public transport) that school bus users were likely to be from high SES areas. Parental transport-related PA was positively associated with the odds of being in the bicycle/car/taxi profile, rather than the school bus or combined motorised transport profile, supporting the previous assumption that parental transport-related PA encouraged transport-related PA in adolescents. The positive association of access to services with the higher odds of taking a range of public transport or school bus transport options, rather than bicycle/car/taxi, may support comments above regarding cycling being limited to low density areas. The direction of associations of environmental attributes with the choice of school bus vs. car to/public transport from school back previous suggestions that school bus travel appears to be associated with adolescents who tend to travel longer distances to school and likely come from high SES areas. The positive association of social support for PA from peers and the odds of travelling by school bus rather than car to/public transport from school mimics that seen for school bus vs. public transport, further supporting the suggestion that time spent with peers on a school bus with similar interests may enhance feelings of their social support for PA.

Adolescent-perceived barriers to walking and cycling to school with mode of transportation choice
All comparisons of modes to/from school, except walk plus public transport vs. public transport, were associated with adolescent-perceived distance as a barrier to walking/cycling. While this distance barrier was negatively associated with the odds of undertaking the more AT mode for all six of these comparisons (Table 4), the parent-reported environmental attribute proximity of school was only positively associated with three comparisons (regular walkers vs. occasional walkers, walk vs. walk & public transport and walking vs. public transport), not associated with the two profiles where cycling was the PA in the profile (public transport vs. bicycle/car/taxi and bicycle/car/taxi vs. school bus) and negatively associated with the other (walking & public transport vs. public transport) (Table 3). The two null associations may be due to a ceiling effect with the upper end of the distance variable scale being “over 30 minute walk”. Whether an adolescent will use a bicycle rather than public transport or school bus may depend on distance and we were unable to differentiate between distances described as 30+ minutes walk from home, which may be non-walkable but cyclable. As distance may be associated with effort when walking, it was unsurprising that they were both negatively associated with walking only vs. other modes. In contrast, too much effort was not associated with two of the three comparisons where distance was negatively associated with the bicycle/car/taxi mode. This may indicate that a given distance cycled was not considered as taxing as when walking, or the adolescents had the option of car or taxi travel. The former suggests that, where feasible, promotion of cycling as an active alternative to walking may overcome perceived effort barriers associated with walking, such as load carrying and continuous rather than intermittent effort (e.g., not having to pedal continuously).
It was perhaps surprising, but encouraging, that lack of enjoyment/motivation was negatively associated with only one ATS-related mode choice options, walking & public transport rather than public transport. It was also surprising that social barriers to walking and cycling (“no other adolescents walk or cycle” and “it’s not considered cool to walk or cycle”) were positively associated with more active mode choices, suggesting that these choices were determined by other influences, e.g., parents, and adolescents who engage in ATS may be more aware of perceived social barriers to walking and cycling than those who do not.
Based on findings supporting parents perceiving lower levels of safety than did adolescents undertaking ATS [60, 61], we expected parental, rather than adolescents’ perceptions of safety to be negatively associated with ATS. However, while parent-perceived neighbourhood safety from crime was negatively associated with the odds of adolescents engaging in public transport rather than either school bus to school/public transport from school or school bus alone (Table 3), neither parent- nor adolescent-perceived safety were barriers associated with the ATS mode choice comparisons, reflecting the high levels of safety in Hong Kong. In other cities, perceived safety has been shown to be both not and positively associated with adolescent ATS [62, 63] and perception of crime positively associated with travel to/from school by car rather than other transport modes [15]. Although parental perceptions of barriers to walking in the neighbourhood were associated with the odds of taking public transport rather than walking, adolescent-perceived barriers to walking or cycling were not associated with that or any other comparison with at least one ATS mode (Table 4). This supports previous findings that parents’ rather than adolescents’ perceptions of negative environmental factors may be stronger predictors of adolescent ATS [64].

Strengths and limitations
Strengths include the large sample, high response rate, the sampling strategy maximizing the variability in environmental exposures and the substantial number of potential confounders included in the analysis. Other strengths were the novel use of latent profile analysis (a person-centred rather than variable-centred analytical approach) to identify groups of adolescents with different school-related transport mode profiles and a hierarchical modelling approach to examine associations with the odds of more healthy/sustainable versus less healthy/sustainable modes to account for the possible mediation of more distal by more proximal factors. Although both variable-centred and person-centred analytical approaches are useful and complementary, the latter allowed us to identify three distinctive mixed patterns of transportation modes that are relevant and idiosyncratic to Hong Kong adolescents (e.g., school bus to school and public transport from school). The study also had limitations. First, the data were cross-sectional and causality cannot be implied. Second, environmental variables were self-reported by the adult respondent and may not be accurate. Third, while we examined associations between adolescents’ neighbourhood environmental characteristics and their travel modes, the environment around their school may have also been influential. Fourth, Hong Kong, like most cities, has unique characteristics which may affect the transferability of findings to other cities. This is likely to be the case with regard to “Western” cities, which are the sites of the vast majority of school travel mode studies. It is not so unique compared with very dense, large, high pollution, relatively hot and humid climate cities in Asia, Africa, Central and South America, which together are the living environments of most of the world’s population. Fifth, the measure of perceived barriers to walking and cycling from/to school did not differentiate between the two modes of ATS. Sixth, as suggested by statistical theorists [41, 42], this study did not adjust significance levels for multiple testing and, hence, its findings need to be cross-validated in future studies.


Conclusions
Seven profiles of adolescents’ mode choice on the school journey were identified and categorised as ‘healthier’ vs. ‘less healthy’ profiles based on PA and environmental sustainability dimensions. Environmental, social and psychological correlates of the odds of engaging in ‘healthier’ vs. ‘less healthy’ mode choice profiles for pairs of proximal profiles varied across comparisons. This suggests more complex influences on mode choices than those seen when comparing ATS and non-ATS alone. For example, while we had previously found a positive association between parental transport-related PA and ATS frequency in this cohort [16], parental transport-related PA was associated with only one walking-related comparison and two other comparisons pertaining to mixed modes of transport including cycling. In contrast to many cities, the nature of Hong Kong encourages two healthy and sustainable transport modes to/from school, as indicated by the pervasiveness of walking and public transport in this cohort. Due to the number of students travelling to/from school by public transport, the mode shift most likely to produce greater healthy, sustainable outcomes would be from public transport to walking, at least on some days/week or to, or from, school. Policy informing parents of the benefits of students attending their nearest school and fostering social support for walking from peers could support this. Modal shifts to public transport could result from changes to private school travel behaviour.

Acknowledgements
Not applicable.
Funding
This work was supported by the Health and Medical Research Fund (Food and Health Bureau, Government of the Hong Kong SAR, PR of China) [grant number 10111501]; and the National Heart, Lung and Blood Institute–National Institutes of Health (USA) [grant number 5R01HL111378 02]. EC is supported by an Australian Research Council Future Fellowship [FT3 140100085].

Availability of data and materials
As the consent forms signed by caregivers indicated that the data would be only accessible to the team of investigators, the data are confidential.


Authors’ contributions
AB wrote the draft and the final version of the manuscript. EC conceptualised the data analysis plan. MA analysed the data. EC and AB interpreted the data. EC designed the study, wrote the grant proposal and the manuscript results section. RM managed the data collection. CHPS led the questionnaire material translations from English into traditional Chinese and back translations. All authors critically commented on drafts of the manuscript and approved the the final version.

Ethics approval and consent to participate
The Human Research Ethics Committee for Non-Clinical Faculties of the University of Hong Kong (# EA351010) approved this study. Written informed parental consent and student assent for participation was obtained from participants.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in published maps and institutional affiliations.


[image: Creative Commons]Open AccessThis article is distributed under the terms of the Creative Commons Attribution 4.0 International License (http://​creativecommons.​org/​licenses/​by/​4.​0/​), which permits unrestricted use, distribution, and reproduction in any medium, provided you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The Creative Commons Public Domain Dedication waiver (http://​creativecommons.​org/​publicdomain/​zero/​1.​0/​) applies to the data made available in this article, unless otherwise stated.

References
1.
Durand CP, Pettee Gabriel KK, Hoelscher DM, Kohl HW 3rd. Transit use by children and adolescents: an overlooked source of and opportunity for physical activity? J Phys Act Health 2016;13(8):861–866. doi: https://​doi.​org/​10.​1123/​jpah.​2015-0444.Crossref

2.
Larouche R, Saunders TJ, Faulkner G, Colley R, Tremblay M. Associations between active school transport and physical activity, body composition, and cardiovascular fitness: a systematic review of 68 studies. J Phys Act Health. 2014;11(1):206–27. https://​doi.​org/​10.​1123/​jpah.​2011-0345.CrossrefPubMed

3.
Voss C, Winters M, Frazer A, McKay H. School-travel by public transit: rethinking active transportation. Prev Med Rep. 2015;2:65–70. https://​doi.​org/​10.​1016/​j.​pmedr.​2015.​01.​004.CrossrefPubMedPubMedCentral

4.
Hamar P, Biddle S, Soós I, Takács B, Huszár A. The prevalence of sedentary behaviours and physical activity in Hungarian youth. Eur J Pub Health. 2010;20(1):85–90. https://​doi.​org/​10.​1093/​eurpub/​ckp100.Crossref

5.
Bae KN, Kim HR, Rhie YJ, Lee KH, Nam HK. Daily sitting time associated with the risk of metabolic syndrome in Korean adolescents. J Pediatr Endocrinol Metab. 2018;31(1):63–9. https://​doi.​org/​10.​1515/​jpem-2017-0110.CrossrefPubMed

6.
Jáuregui A, Medina C, Salvo D, Barquera S, Rivera-Dommarco JA. Active commuting to school in Mexican adolescents: evidence from the Mexican National Nutrition and health survey. J Phys Act Health. 2015;12(8):1088–95. https://​doi.​org/​10.​1123/​jpah.​2014-0103.CrossrefPubMed

7.
Østergaard L, Grøntved A, Børrestad LA, Froberg K, Gravesen M, Andersen LB. Cycling to school is associated with lower BMI and lower odds of being overweight or obese in a large population-based study of Danish adolescents. J Phys Act Health. 2012;9(5):617–25.Crossref

8.
Sun Y, Liu Y, Tao FB. Associations between active commuting to school, body fat, and mental well-being: population-based, cross-sectional study in China. J Adolesc Health. 2015;57(6):679–85. https://​doi.​org/​10.​1016/​j.​jadohealth.​2015.​09.​002.CrossrefPubMed

9.
Tang R, Tian L, Thach TQ, Tsui TH, Brauer M, Lee M, et al. Integrating travel behavior with land use regression to estimate dynamic air pollution exposure in Hong Kong. Environ Int. 2018;113:100–8. https://​doi.​org/​10.​1016/​j.​envint.​2018.​01.​009.CrossrefPubMed

10.
HEI Panel on the Health Effects of Traffic-Related Air Pollution. Traffic-related air pollution: a critical review of the literature on emissions, exposure, and health effects. HEI Special Report 17. Boston: Health Effects Institute; 2010.

11.
Cepeda M, Schoufour J, Freak-Poli R, Koolhaas CM, Dhana K, Bramer WM, et al. Levels of ambient air pollution according to mode of transport: a systematic review. Lancet Public Health. 2017;2(1):e23–34. https://​doi.​org/​10.​1016/​S2468-2667(16)30021-4.CrossrefPubMed

12.
de Nazelle A, Nieuwenhuijsen MJ, Antó JM, Brauer M, Briggs D, Braun-Fahrlander C, et al. Improving health through policies that promote active travel: a review of evidence to support integrated health impact assessment. Environ Int. 2011;37(4):766–77. https://​doi.​org/​10.​1016/​j.​envint.​2011.​02.​003.CrossrefPubMed

13.
Zhu R, Wong MS, Guilbert É, Chan PW. Understanding heat patterns produced by vehicular flows in urban areas. Sci Rep. 2017;7(1):16309. https://​doi.​org/​10.​1038/​s41598-017-15869-6.CrossrefPubMedPubMedCentral

14.
Dora C, Hosking J, Mudu P, Fletcher ER. Urban transport and health, module 5g, sustainable transport: a source for policy-makers in developing cities. World Health Organ. 2011; http://​www.​who.​int/​hia/​green_​economy/​giz_​transport.​pdf.​ Accessed 7 Dec 2018.

15.
Woldeamanuel M. Younger teens' mode choice for school trips: do parents' attitudes toward safety and traffic conditions along the school route matter? Int J Sustain Trans. 2016;10(2):147–55. https://​doi.​org/​10.​1080/​15568318.​2013.​871664.Crossref

16.
Barnett A, Sit CHP, Mellecker RR, Cerin E. Associations of socio-demographic, perceived environmental, social and psychological factors with active travel in Hong Kong adolescents: the iHealt(H) cross-sectional study. J Trans Health. 2018; online. https://​doi.​org/​10.​1016/​j.​jth.​2018.​08.​002.Crossref

17.
Environmental protection department, the government of Hong Kong special administrative region. Air quality. Problems and solutions. Vehicle emissions. https://​www.​epd.​gov.​hk/​epd/​english/​environmentinhk/​air/​prob_​solutions/​air_​problems.​html Accessed 8 Dec 2018.

18.
Numbero. Pollution Index 2018 Mid-Year. https://​www.​numbeo.​com/​pollution/​rankings.​jsp. Accessed 8 Dec 2018.

19.
Environmental protection department, the government of Hong Kong special administrative region. Data & Statistics. Hong Kong air pollutant emission inventory. https://​www.​epd.​gov.​hk/​epd/​english/​environmentinhk/​air/​data/​emission_​inve.​html. Accessed 8 Dec 2018.

20.
Environmental Protection Department, The Government of Hong Kong Special Administrative Region. Data and Statistics. Information on Noise. https://​www.​epd.​gov.​hk/​epd/​english/​environmentinhk/​noise/​data/​noise_​exposure.​html. Accessed 8 Dec 2018.

21.
Education Bureau, The Government of Hong Kong Special Administrative Region. Secondary Education. https://​www.​edb.​gov.​hk/​en/​about-edb/​publications-stat/​figures/​sec.​html Accessed 8 Dec 2018.

22.
Sallis JF, Cervero RB, Ascher W, Henderson KA, Kraft MK, Kerr J. An ecological approach to creating active living communities. Annu Rev Public Health. 2006;27:297–322. https://​doi.​org/​10.​1146/​annurev.​publhealth.​27.​021405.​102100.CrossrefPubMed

23.
Pastor DA, Barron KE, Miller BJ, Davis SL. A latent profile analysis of college students’ achievement goal orientation. Contemp Educ Psychol. 2007;32(1):8–47.Crossref

24.
Cerin E, Sit CHP, Wong SHS, Huang YJ, Gao GY, Lai PC, Macfarlane DJ, Barnett A. Relative contribution and interactive effects of psychological, social, and environmental correlates of physical activity, sedentary behaviour, and dietary behaviours in Hong Kong adolescents. Hong Kong Med J. 2019;25(Suppl 2):S34–9.

25.
Owen N, Cerin E, Leslie E, duToit L, Coffee N, Frank LD, et al. Neighborhood walkability and the walking behavior of Australian adults. Am J Prev Med. 2007;33:387–95. https://​doi.​org/​10.​1016/​j.​amepre.​2007.​07.​025.CrossrefPubMed

26.
Cerin E, Macfarlane DJ, Ko HH, Chan KCA. Measuring perceived neighbourhood walkability in Hong Kong. Cities. 2007;24:209–17. https://​doi.​org/​10.​1016/​j.​cities.​2006.​12.​002.Crossref

27.
Cerin E, Sit CH, Huang YJ, Barnett A, Macfarlane DJ, Wong SS. Repeatability of self-report measures of physical activity, sedentary and travel behaviour in Hong Kong adolescents for the iHealt(H) and IPEN - adolescent studies. BMC Pediatr. 2014;14:142. https://​doi.​org/​10.​1186/​1471-2431-14-142.CrossrefPubMedPubMedCentral

28.
Rosenberg D, Ding D, Sallis JF, Kerr J, Norman GJ, Durant N, et al. Neighborhood environment walkability scale for youth (NEWS-Y): reliability and relationship with physical activity. Prev Med. 2009;49:213–8. https://​doi.​org/​10.​1016/​j.​ypmed.​2009.​07.​011.CrossrefPubMed

29.
Macfarlane D, Chan A, Cerin E. Examining the validity and reliability of the Chinese version of the international physical activity questionnaire, long form (IPAQ-LC). Public Health Nutr. 2011;14:443–0. https://​doi.​org/​10.​1017/​S136898001000280​6.CrossrefPubMed

30.
Cerin E, Sit CHP, Barnett A, Huang WYJ, Gao GY, Wong SHS, et al. Reliability of self-report measures of correlates of obesity-related behaviours in Hong Kong adolescents for the iHealt(H) and IPEN adolescent studies. Arch Public Health. 2017;75:38. https://​doi.​org/​10.​1186/​s13690-017-0209-5.CrossrefPubMedPubMedCentral

31.
Norman GJ, Sallis JF, Gaskins R. Comparability and reliability of paper- and computer-based measures of psychosocial constructs for adolescent physical activity and sedentary behaviors. Res Q Exerc Sport. 2005;76:315–23. https://​doi.​org/​10.​1080/​02701367.​2005.​10599302.CrossrefPubMed

32.
Joe L, Carlson JL, Sallis JF, 2010. Active Where? Individual item reliability statistics parent/adolescent survey. https://​activelivingrese​arch.​org/​sites/​activelivingrese​arch.​org/​files/​AW_​item_​reliability_​Adolescent.​pdf Accessed 8 Dec 2018.

33.
Reynolds CR, Richmond BO. What I think and feel: a revised measure of children's manifest anxiety. J Abnorm Child Psychol. 1978;6:271–80.Crossref

34.
Jago R, Baranowski T, Baranowski JC, Cullen KW, Thompson DI. Social desirability is associated with some physical activity, psychosocial variables and sedentary behavior but not self-reported physical activity among adolescent males. Health Educ Res. 2007;22:438–49 https://​doi.​org/​10.​1093/​her/​cyl107.Crossref

35.
Muthén B. Latent variable analysis: growth mixture modeling and related techniques for longitudinal data. In: Kaplan D, editor. The SAGE handbook of quantitative methodology for the social sciences. Thousand Oaks: Sage Publications; 2004. p. 345–68.

36.
Nylund KL, Asparouhov T, Muthén BO. Deciding on the number of classes in latent class analysis and growth mixture modeling: a Monte Carlo simulation study. Struct Equ Model. 2007;14(4):535–69.Crossref

37.
Akaike H. A new look at the statistical model identification. IEEE Trans Autom Contr. 1974;19:716–23.Crossref

38.
Jung T, Wickrama KAS. An introduction to latent class growth analysis and growth mixture modeling. Soc Personal Psychol Compass. 2008;2:302–17.Crossref

39.
Lubke GH, Muthén B. Investigating population heterogeneity with factor mixture models. Psychol Methods. 2005;10:21–39.Crossref

40.
Hair JF, Black WC, Babin BJ, Anderson RE, Tatham RL. Multivariate data analysis. Upper Saddle River: Pearson Prentice Hall; 2006.

41.
Bland MJ, Altman DG. Multiple significance test: the Bonferroni method. BMJ. 1995;310:170. https://​doi.​org/​10.​1136/​bmj.​310.​6973.​170.CrossrefPubMedPubMedCentral

42.
Michels KB, Rosner BA. Data trawling: to fish or not to fish. Lancet. 1996;348:1152–3. https://​doi.​org/​10.​1016/​S0140-6736(96)05418-9.CrossrefPubMed

43.
R Core team R. a language and environment for statistical computing. R Foundation for statistical computing. Vienna; 2018. https://​www.​R-project.​org/​. Accessed 17 Sept 2018.

44.
Rosenberg JM, Schmidt JA, Beymer PN, Steingut RR. Interface to mclust to easily carry out latent profile analysis [Statistical Software for]. https://​github.​com/​jrosen48/​tidyLPA (2018).

45.
Asia Development Bank. Walkability and pedestrian facilities in Asian cities: state and issues. ADB Sustainable Development Working Paper Series 2011. https://​www.​adb.​org/​sites/​default/​files/​publication/​28679/​adb-wp17-walkability-pedestrian-facilities-asian-cities.​pdf

46.
Barnett A, Cerin E, Zhang CJP, Sit CHP, Johnston JM, Cheung MMC, et al. Associations between the neighbourhood environment characteristics and physical activity in older adults with specific types of chronic conditions: the ALECS cross-sectional study. Int J Behav Nutr Phys Act. 2016;13:53. https://​doi.​org/​10.​1186/​s12966-016-0377-7.CrossrefPubMedPubMedCentral

47.
Transport Department. The Government of Hong Kong Special Administrative Region. Travel Characteristics Survey 2011: Final Report. 2014. https://​www.​td.​gov.​hk/​en/​publications_​and_​press_​releases/​publications/​free_​publications/​travel_​characteristics_​survey_​2011_​final_​report/​index.​html (2014). Accessed 8 Dec 2018.

48.
Transport and Housing Bureau. The Government of Hong Kong Special Administrative Region. Public Transport Strategy Study. 2017. https://​www.​td.​gov.​hk/​filemanager/​en/​publication/​ptss_​final_​report_​eng.​pdf.​ Accessed 8 Dec 2018.

49.
Australian Bureau of Statistics. 2016 Census QuickStats, Greater Melbourne http://​quickstats.​censusdata.​abs.​gov.​au/​census_​services/​getproduct/​census/​2016/​quickstat/​2GMEL. Accessed 24 Dec 2018.

50.
Panter JR, Jones AP, van Sluijs EM. Environmental determinants of active travel in youth: a review and framework for future research. Int J Behav Nutr Phys Act. 2008;5:34. https://​doi.​org/​10.​1186/​1479-5868-5-34.CrossrefPubMedPubMedCentral

51.
Mandic S, Sandretto S, García Bengoechea E, Hopkins D, Moore A, Rodda J, Wilson G. Enrolling in the closest school or not? Implications of school choice decisions for active transport to school. J Transport Health. 2017;6:347–57 https://​doi.​org/​10.​1016/​j.​jth.​2017.​05.​006.Crossref

52.
Broberg A, Sarjala S. School travel mode choice and the characteristics of the urban built environment: the case of Helsinki, Finland. Transp Policy. 2015;37:1–10.Crossref

53.
Johansson K, Laflamme L, Hasselberg M. Active commuting to and from school among Swedish children - a national and regional study. Eur J Pub Health. 2012;22(2):209–14. https://​doi.​org/​10.​1093/​eurpub/​ckr042.Crossref

54.
Kallio J, Turpeinen S, Hakonen H, TTammelin T. Active commuting to school in Finland, the potential for physical activity increase in different seasons. Int J Circumpolar Health. 2016;75(1):33319. https://​doi.​org/​10.​3402/​ijch.​v75.​33319.CrossrefPubMed

55.
Grize L, Bringolf-Isler B, Martin E, Braun-Fahrländer C. Trend in active transportation to school among Swiss school children and its associated factors: three cross-sectional surveys 1994, 2000 and 2005. Int J Behav Nutr Phys Act. 2010;7:28. https://​doi.​org/​10.​1186/​1479-5868-7-28.CrossrefPubMedPubMedCentral

56.
The government of Hong Kong Special Administrative Region. Choosing a secondary school. 2018 https://​www.​gov.​hk/​en/​residents/​education/​secondary/​schools/​choosingaschool.​htm . Accessed 8 Dec 2018.

57.
Schoeppe S, Vandelanotte C, Bere E, Lien N, Verloigne M, Kovács É, et al. The influence of parental modelling on children's physical activity and screen time: does it differ by gender? Eur J Pub Health. 2017;27(1):152–7. https://​doi.​org/​10.​1093/​eurpub/​ckw182.Crossref

58.
Cerin E, Sit CH, Cheung MC, Ho SY, Lee LC, Chan WM. Reliable and valid NEWS for Chinese seniors: measuring perceived neighborhood attributes related to walking. Int J Behav Nutr Phys Act. 2010;7:84. https://​doi.​org/​10.​1186/​1479-5868-7-84.CrossrefPubMedPubMedCentral

59.
Mendonça G, Cheng LA, Mélo EN, de Farias Júnior JC. Physical activity and social support in adolescents: a systematic review. Health Educ Res. 2014;29(5):822–39. https://​doi.​org/​10.​1093/​her/​cyu017.CrossrefPubMed

60.
Carver A, Timperio A, Crawford D. Perceptions of neighborhood safety and physical activity among youth: the CLAN study. J Phys Act Health. 2008;5(3):430–44.Crossref

61.
Wilson K, Clark AF, Gilliland JA. Understanding child and parent perceptions of barriers influencing children's active school travel. BMC Public Health. 2018;18(1):1053. https://​doi.​org/​10.​1186/​s12889-018-5874-y.CrossrefPubMedPubMedCentral

62.
Mandic S, Leon de la Barra S, García Bengoechea E, Stevens E, Flaherty C, Moore A, et al. Personal, social and environmental correlates of active transport to school among adolescents in Otago, New Zealand. J Sci Med Sport. 2015;18(4):432–7. https://​doi.​org/​10.​1016/​j.​jsams.​2014.​06.​012.CrossrefPubMed

63.
Verhoeven H, Simons D, Van Dyck D, Van Cauwenberg J, Clarys P, De Bourdeaudhuij I, et al. Psychosocial and environmental correlates of walking, cycling, public transport and passive transport to various destinations in Flemish older odolescents. PLoS One. 2016;11(1):e0147128. https://​doi.​org/​10.​1371/​journal.​pone.​0147128.CrossrefPubMedPubMedCentral

64.
Esteban-Cornejo I, Carlson JA, Conway TL, Cain KL, Saelens BE, Frank LD, et al. Parental and adolescent perceptions of neighborhood safety related to adolescents' physical activity in their neighborhood. Res Q Exerc Sport. 2016;87(2):191–9. https://​doi.​org/​10.​1080/​02701367.​2016.​1153779.CrossrefPubMedPubMedCentral




OEBPS/sidebar.gif





OEBPS/cc-by.png
() _®





OEBPS/A12966_2019_807_Fig1_HTML.png
to school, from = from school;

environmental sustainability; to =

physical activity; PT = public transport; ES =

high, M = medium, L = low.

—
o —
=38
S <
2o
&S-/-/LL
o E
o
2
M Y
o
wv
>
= ©
© 06LM_
o — 4
<
[}
n
33
o o
P =
B s|s
<t |
o =1 Y 4 Bt B
o O
.mﬂ
—
S a
o
=
S
L 5lelwn|2|=
ECRRSIRCA R o A
o
S
L
)
©
-
| m
o X ==
=
o
S |g~E2
W 2|2
4
= o
o o|—|T|T
= <
o
@ Sl c
v ox _ 3 ] S|8
58 5 & 8 =y 2|2
e@WTSPCB E TS
o C = me
25 [T = 5|5
=5 513 T|B
2|2 <|n
alE oW

Notes: n = participants with a specific profile; PA

dimension categories: H

Rank





OEBPS/contact.gif





